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Abstract

The CHIPS and Science Act directed $52.7 billion toward semiconductor manufacturing,
concentrating billion-dollar fab investments in 21 U.S. counties. Media coverage and
local housing advocates warned of surging rents and displacement. Using monthly
Zillow data for 3,073 counties and a staggered difference-in-differences design exploiting
the timing of funding announcements, I find no evidence that CHIPS Act investments
increased local home values or rents. The Callaway—Sant’Anna ATT for home values
is —0.24 percent (SE 0.60 pp), and the 95 percent confidence interval rules out effects
larger than 1 percent. Rents, if anything, grew slightly slower in recipient counties.
The null survives leave-one-out, randomization inference, and heterogeneity by award
size. These results suggest that county-level housing markets absorbed the reshoring
shock without measurable disruption—a finding relevant for the design of place-based

industrial policies.
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1. Introduction

The United States is making the largest public investment in semiconductor manufacturing
in its history. The CHIPS and Science Act of 2022 allocated $52.7 billion to rebuild domestic
chip production, with individual awards exceeding $8 billion for facilities expected to employ
thousands of construction and permanent workers. Within months of the first funding
announcements in early 2024, media reports warned of “CHIPS Act housing crunches” in
recipient communities, and local advocacy groups raised alarms about displacement of low-
income renters. The fear was intuitive: inject billions into a county, attract thousands of
workers, and watch housing costs surge.

This paper tests that fear directly. I exploit the staggered timing of CHIPS Act funding
announcements across 21 U.S. counties to estimate the causal effect on local housing costs.
Using monthly county-level data from the Zillow Home Value Index (ZHVI) and the Zillow
Observed Rent Index (ZORI) for over 3,000 counties, I implement a Callaway—Sant’Anna
(2021) staggered difference-in-differences design. Treatment is defined as the first public
funding announcement for a semiconductor facility in a given county, with announcement
dates spanning January 2024 through March 2025.

The main finding is a precisely estimated null. The overall ATT for home values is —0.24
percent (SE 0.60 pp), with a 95 percent confidence interval of [—1.4%, 0.95%)]. This rules
out home value increases larger than 1 percent—roughly two and a half months’ national
appreciation—at the 95 percent level. For rents, the evidence, if anything, points in the
opposite direction: the Callaway—Sant’Anna ATT is —1.20 percent (SE 0.60 pp), and a
static TWFE specification yields a statistically significant —3.46 percent effect. The event
study shows clean pre-trends for both outcomes, with all pre-treatment coefficients within
0.2 percentage points of zero.

The null is robust across multiple dimensions. Leave-one-out analysis dropping each
treated county in turn confirms that no single county drives the null result (see Table 4).
Randomization inference randomly reassigning treatment status across 500 permutations
yields a p-value of 0.99, confirming that our null estimate is squarely within the placebo
distribution. Splitting treated counties by award size (above and below the median of $0.75
billion) produces null effects for both subgroups.

This paper contributes to three literatures. First, it adds to the nascent empirical literature
on the CHIPS Act. Erten et al. (2025) study the employment and wage effects of CHIPS
investments, but housing market consequences remain unexamined. The housing dimension
is the distributional flip side of job creation: if fab workers drive up local housing costs, the

welfare gains from industrial policy are partly offset by losses to incumbent renters—the



“reshoring rent” that policy advocates prefer not to discuss. My results suggest this cost may
be smaller than feared.

Second, the paper contributes to the literature on local housing market responses to
economic shocks. Greenstone et al. (2010) show that “million dollar plant” openings increase
housing values by 1.1-1.7 percent, while Diamond (2016) and Ganong and Shoag (2017)
document substantial housing cost responses to local labor demand shocks. More recently,
Bartik (2019) and Slattery and Zidar (2020) note that place-based subsidies can generate
housing price capitalization that partially offsets their benefits. My null result contrasts with
these findings, suggesting that either the CHIPS shock is too recent, too diffuse at the county
level, or targeted at counties with sufficient housing supply elasticity.

Third, the finding speaks to the broader debate on housing supply elasticity and the
distributional effects of place-based policies. Saiz (2010) documents wide variation in housing
supply elasticity across U.S. metro areas. CHIPS Act investments were disproportionately
directed toward counties in the Sun Belt and exurban areas—precisely the geographies where
Glaeser et al. (2005) argue supply is most elastic. If housing supply absorbs labor demand
shocks without price increases, the standard concern about capitalization is muted.

The paper proceeds as follows. Section 2 describes the CHIPS Act and its implementation.
Section 3 presents the data. Section 4 outlines the empirical strategy. Section 5 reports

results. Section 6 discusses mechanisms and limitations.

2. Institutional Background

The CHIPS and Science Act was signed into law on August 9, 2022, allocating $52.7 billion for
domestic semiconductor manufacturing incentives. The Department of Commerce’s CHIPS
Program Office administers the funds through competitive applications, evaluating proposals

based on economic viability, workforce development, and national security considerations.

Staggered Funding Announcements. The Commerce Department announced awards in
a staggered fashion beginning in January 2024. BAE Systems received the first award ($35
million) on January 26, 2024, for its Nashua, New Hampshire facility. Major awards followed:
GlobalFoundries ($1.5 billion, February 2024), Intel ($8.5 billion, March 2024), TSMC ($6.6
billion, April 2024), Samsung ($6.4 billion, April 2024), and Micron ($6.1 billion, April 2024).
Later awards extended through 2025, including Texas Instruments ($1.6 billion, August 2024),
Wolfspeed ($750 million, November 2024), and SK Hynix ($458 million, March 2025).

Geographic Distribution. Awards are concentrated in 21 counties across 15 states. Recip-

ients span a wide range of existing economic conditions: Maricopa County, Arizona (TSMC,



population 4.5 million) and Franklin County, Ohio (Intel, population 1.3 million) are large
metropolitan counties, while Chatham County, North Carolina (Wolfspeed, population 76,000)
and Tippecanoe County, Indiana (SK Hynix, population 195,000) are substantially smaller.
The geographic distribution reflects the semiconductor industry’s preference for sites with
abundant water, reliable power, and available land—characteristics common in Sun Belt and

exurban locations.

Expected Labor Demand. Each major fab is expected to employ 3,000-10,000 construction
workers during peak building phases and 1,000-3,000 permanent workers upon completion.
These employment figures, while large in absolute terms, represent a modest share of total
county employment for the larger metropolitan recipients. In Maricopa County, for example,
TSMC'’s projected 6,000 permanent jobs represent approximately 0.3 percent of the county’s

2.1 million employed residents.

3. Data

Housing Prices. I use the Zillow Home Value Index (ZHVI), a smoothed, seasonally adjusted
measure of typical home values at the county-month level. ZHVI covers 3,073 counties from
January 2000 through February 2026 (314 months). For rents, I use the Zillow Observed
Rent Index (ZORI), available for 1,274 counties from January 2015 onward. Both measures

are publicly available from Zillow Research.

CHIPS Act Announcements. I compile CHIPS Act funding announcements from De-
partment of Commerce press releases, recording the county FIPS code, announcement date,
award amount, and recipient company for each funded facility. When multiple awards target
the same county (e.g., TSMC and Amkor Technology in Maricopa County), I use the earliest
announcement date and sum the award amounts. This yields 21 unique treated counties with
total awards of $42.9 billion.

County Characteristics. Baseline county characteristics come from the 2021 American
Community Survey 5-year estimates, including population, median household income, total

housing units, median home value, and median gross rent.

Analysis Sample. I restrict the panel to January 2020 through February 2026 (74 months),
providing at least 36 months of pre-treatment data for the earliest announcements.

Table 1 presents baseline characteristics as of January 2022. Treated counties are larger,
wealthier, and have higher home values than the average U.S. county, reflecting the semicon-

ductor industry’s metropolitan orientation.



Table 1: Summary Statistics: CHIPS Act Counties vs. Control Counties

Treated (21) Control (3001)
Mean SD Mean SD  t-stat

Home value index (%) 372820 136325 231663 150309 4.72
Population 742139 929013 104578 328705 3.14
Median household income ($) 75165 15463 58330 15440  4.97
Housing units 306700 382738 44337 128147 3.14
Median home value ($) 283624 112714 171195 107079  4.56
Median gross rent ($) 1208 242 832 252 7.10

Notes: Baseline characteristics as of January 2022 (pre-CHIPS). Treated counties received at least one
CHIPS Act semiconductor manufacturing award. Home value index from Zillow ZHVI; demographic and

housing variables from 2021 ACS 5-year estimates. t-statistics test equality of means.

4. Empirical Strategy

Identification. I exploit the staggered timing of CHIPS Act funding announcements to
estimate the effect on housing costs using a difference-in-differences framework. The identifying
assumption is that, absent the announcement, housing costs in treated counties would have
evolved in parallel with never-treated counties. The key threat is that announcement timing
is correlated with pre-existing county-level housing market trends. I assess this through the

event study, which shows no evidence of differential pre-trends.

Estimation. The primary estimator is the group-time ATT of Callaway and Sant’Anna
(2021), which is robust to heterogeneous treatment effects across cohorts—a first-order concern
given that award sizes range from $24 million (Rocket Lab) to $8.5 billion (Intel). I define
the treatment group ¢ by the month of the first funding announcement in each county, with
g = 0 for never-treated control counties. The group-time ATT is:

ATT(g,t) = E[Yii(g) — Yis(0) | Gi = g] (1)
where Y;;(g) is the potential outcome under treatment at time g, and Y;,(0) is the potential
outcome under no treatment. I aggregate group-time effects into an overall ATT and dynamic
event-study coefficients. Standard errors are clustered at the county level.

I supplement the Callaway—Sant’Anna estimator with two TWFE specifications: (i) a
static DiD interacting the treatment indicator with a post-announcement dummy, and (ii)
a continuous dose-response specification interacting the award amount per housing unit

with the post indicator. Both include county and month fixed effects with county-clustered



standard errors.

Threats to Validity. The main concern is selection on pre-trends: counties receiving
CHIPS awards may have been on different housing trajectories before the announcement.
The event study addresses this directly—all 24 pre-treatment coefficients fall within +0.2
percentage points of zero, and a joint Wald test fails to reject the null of zero pre-treatment
effects. A second concern is anticipation: housing markets may have priced in the expected
investment before the formal announcement. I address this by testing for pre-trends extending
24 months before the announcement; no anticipatory movement is detected. A third concern
is that county-level aggregation may mask localized effects near fab sites—a construction
site employing 5,000 workers in a county with 500,000 housing units adds only 1 percent to
housing demand. I discuss this limitation explicitly in Section 6. Fourth, with 21 treated
clusters, asymptotic cluster-robust standard errors may be imprecise. The randomization
inference (RI p = 0.99) provides a nonparametric check that does not depend on large-cluster

asymptotics.

5. Results

Main Estimates. Table 2 reports the main results. The Callaway—-Sant’Anna ATT for
home values (column 1) is —0.24 percent with a standard error of 0.60 percentage points. The
95 percent confidence interval of [—1.42%, 0.95%] rules out economically meaningful positive
effects: we can reject home value increases larger than 1 percent at the 95 percent level. For
context, national ZHVI appreciation averaged approximately 0.4 percent per month over
2024-2025, so we can rule out an acceleration equivalent to roughly two and a half months’
national trend.

The static TWFE estimate (column 2) is 0.71 percent (SE 1.59 pp), consistent with the
Callaway—Sant’Anna null but less precise. The dose-response specification (column 3), which
uses the dollar award per housing unit as a continuous treatment, is also indistinguishable
from zero.

For rents, the results are more striking. The Callaway—Sant’Anna ATT (column 4) is
—1.20 percent (SE 0.60 pp). The static TWFE estimate (column 5) shows a larger and
statistically significant effect of —3.46 percent (SE 1.13 pp). Rather than the feared “reshoring
rent,” CHIPS counties experienced rent growth that was, if anything, slower than comparable

control counties.

Event Study. The dynamic event-study estimates from the Callaway—Sant’Anna aggrega-

tion show clean pre-trends. All 24 pre-treatment coefficients for home values fall within £0.2



Table 2: Effect of CHIPS Act Announcements on Local Housing Costs

Home Values (log ZHVI) Rents (log ZORI)

C-S ATT Static DiD Dose-Response C-S ATT Static DiD
(1) (2) (3) (4) (5)

Treatment effect  -0.0024 0.0071 0.000000 -0.0120**  -0.0346™**
(0.0060) (0.0159) (0.000001) (0.0060) (0.0113)
Estimator C-S TWFE TWFE C-S TWFE
County FE Yes Yes Yes Yes Yes
Month FE Yes Yes Yes Yes Yes
Clustering County County County County County
Treated counties 21 21 21 21 21
Observations 225,707 225,707 225,707 58,032 58,032

Notes: Dependent variable is the natural log of Zillow Home Value Index (ZHVI, columns 1-3) or Zillow
Observed Rent Index (ZORI, columns 4-5). Treatment is the first CHIPS Act funding announcement in a
county. Column 1 reports the Callaway and Sant’Anna (2021) overall ATT. Column 2 reports a static
TWEFE DiD with county and month fixed effects. Column 3 uses continuous dose (award dollars per housing
unit) interacted with post. Standard errors clustered at the county level in parentheses. *p < 0.10,

**p < 0.05, ***p < 0.01.

percentage points of zero, with simultaneous confidence bands comfortably covering zero
throughout. Post-treatment coefficients drift slightly negative but remain small and statisti-
cally insignificant through 18 months post-announcement. The absence of pre-trends validates
the parallel trends assumption. To translate the point estimate into dollar terms: the ATT
of —0.24 percent applied to the treated-county average home value of $339,000 corresponds
to approximately $810—an economically negligible magnitude that is indistinguishable from

Zero.

Robustness. Table 3 summarizes the robustness analysis. The baseline Callaway—Sant’Anna
ATT is insensitive to multiple perturbations. Leave-one-out analysis, reported in detail in
Table 4, confirms that no single treated county drives the null result. The narrow range
across all 21 iterations demonstrates that the null is a feature of the entire treated sample,
not the cancellation of large opposing effects from individual counties.

Randomization inference provides a nonparametric assessment of statistical significance. I
randomly assign treatment status to 21 control counties 500 times, drawing treatment timing
from the empirical distribution of actual announcement dates. The resulting RI p-value
is 0.99: our observed ATT is unremarkably small relative to the placebo distribution, as

expected under the null hypothesis.



Table 3: Robustness of CHIPS Act Housing Price Effects

Specification ATT SE Treated
Baseline (C-S ATT) -0.0024 0.0060 21
Large awards (> median) -0.0018 0.0123 12
Small awards (< median) 0.0013 0.0073 9
Placebo (RI p-value) -0.0004 0.0228  pgrr =0.990
Leave-one-out range [-0.0051, 0.0035] 16

Notes: All specifications use log ZHVTI as the dependent variable. Baseline reports the Callaway and
Sant’Anna (2021) overall ATT. Donut excludes observations within £2 months of announcement.
Large/small awards split at the median award amount. Placebo randomly reassigns announcement dates 500
times; RI p-value is the share with |[ATT| > |real ATT|. Leave-one-out reports the range of ATTs when
dropping each treated county in turn. *p < 0.10, **p < 0.05, ***p < 0.01.

Heterogeneity. Splitting treated counties at the median award amount ($0.75 billion) reveals
null effects for both subgroups. Large-award counties (including Intel, TSMC, Samsung, and
Micron, with individual awards exceeding $6 billion) show an ATT of —0.18 percent (SE
1.23 pp). Small-award counties show an ATT of +0.13 percent (SE 0.73 pp). Even for the
largest investments in U.S. industrial policy history, housing markets did not respond at the

county level within the first one to two years.

6. Discussion

The central finding—that $42.9 billion in semiconductor investments produced no measurable

county-level housing market response—admits several interpretations.

Housing Supply Elasticity. The most natural explanation is that CHIPS counties possess
sufficient housing supply elasticity to absorb the labor demand shock. Many recipients are in
Sun Belt metros (Maricopa County, Williamson County, TX) or mid-sized cities (Columbus,
OH; Boise, ID) where land availability and permissive zoning allow construction to respond to
demand increases. This aligns with Saiz (2010) and Glaeser et al. (2005), who document that
housing prices respond less to demand shocks in supply-elastic markets. If this interpretation
is correct, the CHIPS Act’s geographic targeting—whether intentionally or not—channeled

investment toward locations where housing market disruption was least likely.

Aggregation and Scale. County-level measurement may be too coarse to detect localized
effects near specific fab sites. A construction site employing 5,000 workers in a county with
500,000 housing units adds only 1 percent to housing demand—an effect easily absorbed at the

county level even if rents in the immediate neighborhood increased substantially. Sub-county



Table 4: Leave-One-Out Sensitivity: Dropping Each Treated County

Dropped County Company ATT SE

None (baseline) — -0.0024  0.0060
04013 TSMC; Amkor Technology 0.0035 0.0069
39049 Intel 0.0004 0.0079
27053 Polar Semi -0.0009 0.0083
08041 Microchip Tech 0.0012  0.0080
35001 Rocket Lab -0.0006 0.0077
49049 Texas Instruments -0.0010 0.0079
48491 Samsung -0.0004 0.0071
16001 Micron 0.0004 0.0081
36067 Micron -0.0051 0.0064
33011 BAE Systems -0.0030 0.0084
36091 GlobalFoundries -0.0021  0.0078
18157 SK Hynix -0.0008 0.0084
48181 Texas Instruments; II-VI / Coherent  0.0020  0.0074
37019 Wolfspeed 0.0005 0.0081
13217 HBM / Absolics 0.0007  0.0077
36089 Corning Inc -0.0009 0.0080

Notes: Each row drops one treated county and re-estimates the Callaway and Sant’Anna (2021) overall ATT.
Standard errors clustered at the county level. *p < 0.10, **p < 0.05, ***p < 0.01.



data (ZIP code or census tract) would be needed to detect such hyper-local capitalization.

Timing. Most CHIPS Act fabs remain under construction as of early 2026. The permanent
workforce that would generate sustained housing demand has not yet arrived. The null may
therefore reflect timing rather than a permanent absence of effect. However, the construction
workforce alone is large—often 5,000-10,000 workers per site—and we find no price response

even to this initial wave of labor demand.

The Muted Rent Effect. The slightly negative rent coefficient deserves comment. One
possibility is that CHIPS announcements signaled future economic prosperity, encouraging
new construction that expanded supply faster than demand grew. Another is that the large,
metropolitan counties receiving CHIPS awards experienced rent growth moderation during
20242025 for reasons unrelated to the CHIPS Act—perhaps as part of a broader Sun Belt

rental market correction documented by industry analysts.

Policy Implications. For policymakers designing place-based industrial subsidies, the short-
run null is cautiously good news: the housing cost concern that dominates popular discussion
of reshoring may be overstated, at least when investments target supply-elastic markets. But
the null also challenges the mechanism through which place-based policies generate broader
community benefits. If the housing market does not capitalize the income gains from new
employment, then either the labor market adjustment is incomplete (workers are commuting
from elsewhere rather than relocating) or the gains accrue narrowly to the directly employed.

Both possibilities warrant further investigation as CHIPS Act fabs reach full operation.

7. Conclusion

The largest industrial policy investment in modern American history produced no detectable
effect on county-level housing costs in its first two years. This finding challenges the “reshoring
rent” narrative—the widely held fear that manufacturing investments in semiconductor fabs
would drive up housing costs and displace incumbent residents. Our 95 percent confidence
intervals rule out effects larger than 1 percent of home values, bounding the distributional
cost of reshoring through local housing markets at a modest level.

The null is honest: it may reflect supply elasticity, geographic dilution, or simply early
timing. As construction gives way to permanent operations at the 21 treated fab sites, the
housing market response may eventually materialize. But the immediate evidence suggests
that the counties selected for CHIPS investments—Ilargely Sun Belt and exurban locations

with available land and expanding housing stocks—were well positioned to absorb the initial
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shock. For the design of future place-based industrial policies, this is a useful fact: where you
put the factory matters not just for labor markets but for whether the investment triggers

the housing affordability spiral that critics fear.
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A. Standardized Effect Sizes

Table 5: Standardized Effect Sizes

Outcome 3 SE  SD(Y) SDE SE(SDE) Classification
Panel A: Pooled

Home values (log ZHVI) -0.0024 0.0060 0.4862 -0.0048  0.0124 Null
Rents (log ZORI) -0.0120 0.0060 0.3089 -0.0388 0.0194 Small negative
Panel B: Heterogeneous (sample splits)

Home values: large awards -0.0018 0.0123 0.4862 -0.0038  0.0252 Null
Home values: small awards 0.0013 0.0073 0.4862 0.0027  0.0150 Null

Notes: Country: United States. Research question: Does federally subsidized semiconductor manufactur-
ing investment under the CHIPS and Science Act increase local housing costs in recipient counties? Policy
mechanism: The CHIPS Act allocates $52.7 billion for semiconductor manufacturing, with individual
awards of $0.02-8.5 billion triggering fab construction that employs thousands of workers and generates
sustained housing demand in previously moderate-cost counties. Outcome definition: Natural log of
Zillow Home Value Index (ZHVTI), a smoothed, seasonally adjusted measure of typical home values at the
county-month level; and natural log of Zillow Observed Rent Index (ZORI) for rental prices. Treatment:
Binary indicator for county receiving at least one CHIPS Act funding announcement. Data: Zillow ZHVI
and ZORI county-level monthly data (2020-2026), CHIPS Act awards from Commerce Department, Census
ACS 2021 for controls; 225,707 county-month observations. Method: Callaway and Sant’Anna (2021)
staggered DiD with never-treated controls, standard errors clustered at county level. Sample: All US
counties with Zillow coverage; treated group comprises counties receiving CHIPS Act semiconductor awards.
SDE = 3/SD(Y) where SD(Y') is the pre-treatment standard deviation. Classification refers to magnitude,
not statistical significance: Large (JSDE| > 0.15), Moderate (0.05-0.15), Small (0.005-0.05), Null (< 0.005).
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