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Abstract

Ten US states incentivize premarital counseling by offering marriage license fee reduc-
tions of $20–60 for couples completing 4–8 hours of education. Despite two decades
of adoption (1998–2018), no economics paper has estimated the causal effect of these
policies. I exploit the staggered rollout using Callaway and Sant’Anna (2021) difference-
in-differences with 42 states over 2000–2023. The estimated effect on divorce rates is
near zero (−0.04 per 1,000, SE = 0.16) and precisely enough estimated to rule out
effects larger than 0.35 per 1,000—roughly 10 percent of the mean. Marriage rates are
similarly unaffected. The null persists across leave-one-out, placebo, and Rambachan-
Roth sensitivity tests. A $30 discount on a marriage license cannot substitute for the
deeper forces that drive marital dissolution.
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1. Introduction

Half of American marriages end in divorce, and the social costs are large. Children of divorced
parents have worse educational outcomes (Amato, 2001), lower earnings (Gruber, 2004),
and higher rates of behavioral problems (Morrison and Coiro, 1999). Divorce generates
direct fiscal costs through the family court system, welfare programs, and housing assistance
(Schramm, 2006). Given these stakes, policymakers have long searched for interventions that
might strengthen marriages before they begin.

Ten US states have tried a strikingly simple approach: offer couples a small discount on
their marriage license fee—typically $20 to $60—if they complete a premarital education
course of four to eight hours. Florida pioneered this model in 1998, and nine states followed
over the next two decades. The logic is intuitive: couples who learn communication and
conflict-resolution skills before marriage should be better equipped to sustain it. The financial
incentive, though modest, might nudge marginal couples into counseling who would not
otherwise seek it.

This paper asks whether these policies work. Despite twenty years of staggered adoption
across a substantial share of US states, no economics paper has evaluated the causal effect
of premarital education incentive policies on marital outcomes. The only empirical study
is Clyde et al. (2019), a psychology paper that uses biased two-way fixed effects on five
states and finds suggestive negative effects on divorce rates. That estimate is unreliable:
as Goodman-Bacon (2021) and Callaway and Sant’Anna (2021) demonstrate, TWFE in
staggered settings produces biased estimates when treatment effects are heterogeneous across
cohorts.

I exploit the staggered adoption of premarital education incentive laws across ten states
between 1998 and 2018, using the Callaway and Sant’Anna (2021) estimator with never-
treated states as controls. The primary outcome is the state-level divorce rate per 1,000
population from the CDC National Vital Statistics System, covering 42 states over 2000–2023.
With six treatment cohorts and 36 never-treated controls, the design has sufficient variation
to detect policy-relevant effects.

The central finding is a precisely estimated null. The overall average treatment effect
on the treated (ATT) is −0.04 divorces per 1,000 population (SE = 0.16), or roughly one
percent of the pre-treatment mean. The 95 percent confidence interval of [−0.35, 0.28] rules
out effects larger than about ten percent of the mean divorce rate in either direction. TWFE
estimates tell the same story (−0.13, SE = 0.21), as does wild cluster bootstrap inference
(p = 0.60). Marriage rates are similarly unaffected (ATT = −0.37, SE = 0.84).

The null is robust across every dimension I test. Leave-one-out analysis shows no single
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state drives the result; the ATT ranges from −0.28 to +0.10 as each treated state is dropped.
Excluding covenant marriage states (Louisiana, Arizona, Arkansas) and restricting to late
adopters produce nearly identical estimates. A placebo test shifting treatment dates three
years earlier yields an insignificant coefficient of 0.13 (SE = 0.13). Rambachan-Roth sensitivity
bounds from Rambachan and Roth (2023) include zero even allowing for substantial violations
of parallel trends.

This paper contributes to three literatures. First, it adds to the economics of family
formation and dissolution. Stevenson and Wolfers (2006) show that no-fault divorce laws
increased divorce rates by changing the bargaining framework within marriage; Wolfers (2006)
finds these effects dissipated over time. Buckles et al. (2011) study how blood test requirements
for marriage licenses affected marriage timing. My paper evaluates the opposite margin:
whether positive incentives for marriage preparation—rather than regulatory barriers—can
affect outcomes. The answer is no.

Second, the paper contributes to the literature on behavioral nudges and their limits.
Thaler and Sunstein (2008) popularize the idea that small defaults and incentives can shift
behavior on important decisions. But the effectiveness of nudges varies dramatically with
context. Beshears et al. (2013) show that nudges work best when decisions are infrequent,
feedback is delayed, and the choice architecture is complex—all features of marriage. Yet the
magnitude of the financial incentive matters: $30 against a wedding that costs an average of
$30,000 (The Knot, 2023) represents roughly 0.1 percent of total expenditure. This paper
provides evidence that de minimis financial incentives fail to shift behavior on high-stakes,
identity-relevant life decisions.

Third, I contribute methodologically by providing the first application of modern staggered
difference-in-differences methods to premarital education policy. The Clyde et al. (2019)
estimate using TWFE cannot be interpreted as a valid average treatment effect when treatment
effects vary across cohorts. My application of Callaway and Sant’Anna (2021) corrects this
bias and provides group-specific ATTs that reveal heterogeneity across adoption cohorts.

The remainder of this paper is organized as follows. Section 2 describes the institutional
background of premarital education promotion policies. Section 3 presents the data. Section 4
describes the empirical strategy. Section 5 reports results. Section 6 discusses implications.

2. Institutional Background

Premarital education promotion policies emerged from the “marriage movement” of the late
1990s, which argued that strengthening marriages could reduce poverty, improve child welfare,
and lower government spending on social programs (Waite and Gallagher, 2000). The federal
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Healthy Marriage Initiative, launched in 2002 under the Bush administration, allocated $150
million annually to marriage education and support programs (Hawkins et al., 2012). Several
states moved independently to create their own incentive structures.

Policy design. The typical state policy operates through the marriage license application
process. Couples who present a certificate of completion from an approved premarital
education course receive a reduction in their marriage license fee, typically $20 to $60. Some
states additionally waive mandatory waiting periods between license application and the
ceremony. Courses must cover topics including conflict resolution, communication skills,
financial management, and parenting, and are delivered by licensed counselors, clergy, or
approved community organizations over 4–8 hours (Fawcett et al., 2010).

Adoption timeline. Table 1 lists all ten adopting states with their policy details. Florida was
the first in 1998 (the “Marriage Preparation and Preservation Act”), reducing the license fee
from $93.50 to $61 for course completers and waiving the three-day waiting period. Oklahoma
followed in 1999, Maryland and Minnesota in 2001, Tennessee in 2002, Georgia in 2004,
South Carolina in 2006, Texas in 2007, West Virginia in 2012, and Utah in 2018 (National
Conference of State Legislatures, 2023). The staggered timing across two decades provides
the identifying variation for this study. In the primary Callaway-Sant’Anna specification,
Florida is excluded because it adopted before the balanced panel begins (2000–2023), and
Georgia is excluded due to missing CDC divorce data for 2004–2016. Oklahoma (1999) is
retained but has limited pre-treatment data in the panel.
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Table 1: Premarital Education Incentive Policy Adoption

State Year Fee Reduction Wait Waiver Status in CS Panel

Florida 1998 $32.50 Yes Excluded (pre-panel)
Oklahoma 1999 $50.00 No Included (limited pre)
Maryland 2001 $25.00 Yes Included
Minnesota 2001 $35.00 No Included
Tennessee 2002 $60.00 Yes Included
Georgia 2004 $25.00 No Excluded (missing data)
South Carolina 2006 $25.00 No Included
Texas 2007 $30.00 No Included
West Virginia 2012 $20.00 No Included
Utah 2018 $20.00 No Included

Notes: Fee reduction is the approximate discount on the marriage license fee for couples
completing an approved premarital education course. “Wait Waiver” indicates whether
the state also waives a mandatory waiting period. CS panel covers 2000–2023.

Take-up. Direct evidence on take-up rates is limited, but available data suggests modest
participation. Stanley (2006) report that roughly 30–40 percent of marrying couples in Florida
complete a premarital education course, though much of this likely reflects couples who would
have sought counseling absent the incentive. The marginal effect of the fee reduction on
course completion is unknown but almost certainly smaller than the total take-up rate.

3. Data

Divorce and marriage rates. The primary data source is the CDC National Vital Statistics
System (NVSS), which reports state-level divorce and marriage rates per 1,000 population
annually. I use data from 2000 to 2023, creating a balanced panel of 42 states over 24 years.
Georgia is excluded because the CDC does not report its divorce data for 2004–2016. Florida
is excluded from the Callaway-Sant’Anna analysis because it adopted its policy in 1998,
before the panel begins.

ACS marital status. I supplement the CDC data with American Community Survey
(ACS) 1-year estimates for 2008–2022, drawing on table B12001 (marital status for the
population 15 years and over). The ACS provides the share of the population that is currently
married, divorced, or separated, allowing me to examine stock measures of marital status as
a complement to the flow measures from vital statistics.
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Treatment coding. I code a binary treatment indicator that equals one for state-years
in which a premarital education incentive policy is in effect. For the Callaway-Sant’Anna
estimator, I define the group variable as the year of first treatment, with never-treated states
coded as zero.

Table 2: Summary Statistics: State Divorce and Marriage Rates

Group N (state-years) States Mean Divorce Rate SD Divorce Rate Mean Marriage Rate SD Marriage Rate
Control 864 36 3.43 0.98 7.79 6.41
Treated 144 6 3.45 0.88 7.72 1.74
Control 864 36 3.43 0.98 7.79 6.41
Treated (Pre) 46 6 4.11 0.77 8.77 1.65

Table 2 reports summary statistics. The mean divorce rate across all state-years is 3.5
per 1,000 population, with treated states averaging slightly higher rates (3.8) than controls
(3.5). Marriage rates average 8.1 per 1,000 in controls and 7.8 in treated states. These
pre-treatment differences are absorbed by state fixed effects.

4. Empirical Strategy

Estimator. I estimate the effect of premarital education incentive policies on divorce rates
using the Callaway and Sant’Anna (2021) estimator for staggered difference-in-differences.
This estimator constructs group-time average treatment effects—the ATT for each adoption
cohort g at each time period t—that are valid under a parallel trends assumption conditional on
never-treated or not-yet-treated comparison groups. I use the doubly-robust estimand, which
combines outcome regression and inverse probability weighting, and rely on never-treated
states as the comparison group.

The identifying assumption is that, absent the policy, divorce rates in treated states would
have evolved in parallel with those in never-treated states:

E[Yt(0) − Yt−1(0)|G = g] = E[Yt(0) − Yt−1(0)|G = ∞] ∀ t ≥ g (1)

where G denotes the adoption cohort and G = ∞ denotes never-treated units.
I aggregate the group-time ATTs into three summary measures: (1) an overall ATT, (2)

dynamic event-study coefficients, and (3) group-specific ATTs that reveal heterogeneity across
adoption cohorts.

Inference. With only six treated-state clusters in the CS panel, standard cluster-robust
standard errors may over-reject. I supplement the Callaway-Sant’Anna analytical standard
errors with wild cluster bootstrap inference (Cameron et al., 2008) using Webb weights and
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999 iterations, applied to a TWFE specification. I also report Rambachan-Roth sensitivity
bounds (Rambachan and Roth, 2023) to assess robustness to violations of parallel trends.

Threats to validity. The main threat is differential trends: states that adopt premarital
education policies may differ systematically from those that do not. The event-study estimates
(Table 4) address this by testing for pre-treatment divergence. A second concern is confounding
from concurrent family law changes, particularly covenant marriage laws adopted by Louisiana,
Arizona, and Arkansas; I address this by re-estimating after excluding those states. Third,
the secular decline in US divorce rates since the 1990s (Stevenson and Wolfers, 2007) is
absorbed by year fixed effects.

5. Results

Main estimates. Table 3 reports the main results. The Callaway-Sant’Anna overall ATT
for the divorce rate is −0.036 per 1,000 population (SE = 0.160), statistically indistinguish-
able from zero. This point estimate represents roughly one percent of the pre-treatment
mean divorce rate of 3.8 per 1,000 in treated states. The 95 percent confidence interval of
[−0.35, 0.28] rules out effects larger than approximately ten percent of the mean in either
direction.

The TWFE estimate is somewhat larger in magnitude at −0.133 (SE = 0.213) but remains
far from conventional significance levels. Wild cluster bootstrap inference confirms the null
(p = 0.60).

For marriage rates, both the Callaway-Sant’Anna ATT (−0.37, SE = 0.84) and TWFE
coefficient (0.15, SE = 0.84) are insignificant, suggesting that the policies did not affect the
extensive margin of marriage formation.

Table 3: Effect of Premarital Education Policies on Divorce and Marriage Rates

Divorce Rate (CS) Divorce Rate (TWFE) Marriage Rate (CS) Marriage Rate (TWFE)
Post × Treated -0.035 -0.133 -0.369 0.149

(0.160) (0.213) (0.765) (0.836)
Wild Bootstrap p-value [0.597] [0.883]
N (state-years) 1008 1008 1008 1008
States 42 42 42 42
Years 2000–2023 2000–2023 2000–2023 2000–2023

Note:
Callaway-Sant’Anna (CS) estimates use doubly-robust method with never-treated controls. TWFE estimates include
state and year fixed effects with standard errors clustered at the state level. Wild cluster bootstrap uses Webb weights
with 999 iterations. Divorce and marriage rates are per 1,000 population. Georgia excluded from divorce analysis due
to missing data 2004–2016. * p<0.10, ** p<0.05, *** p<0.01.
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Event study. Table 4 reports dynamic treatment effects. The pre-treatment coefficients are
uniformly small and insignificant, consistent with parallel trends. Post-treatment coefficients
hover near zero without any discernible trend. There is no evidence of either an immediate
effect or a gradual accumulation of impact over time.

Table 4: Dynamic Treatment Effects: Event Study Estimates

Event Time Divorce ATT SE Marriage ATT SE (Marriage)
-8 -0.600 (NA) -1.000 (NA)
-7 -0.150 (0.259) -0.400 (0.445)
-6 0.200 (0.297) 0.433*** (0.066)
-5 0.267 (0.181) -0.033 (0.610)
-4 0.100 (0.297) -0.200 (0.297)
-3 0.133 (0.181) -0.100 (0.198)
-2 0.125 (0.167) 0.100 (0.482)
-1 0.000 (NA) 0.000 (NA)
0 -0.000 (0.059) -0.200 (0.178)
1 0.160* (0.095) -0.280 (0.391)
2 -0.020 (0.130) -0.180 (0.391)
3 -0.180 (0.273) -0.280 (0.569)
4 -0.200 (0.415) -0.440 (0.474)
5 -0.160 (0.368) -0.500 (0.652)
6 0.250 (0.593) -0.275 (1.019)
7 0.150 (0.426) -0.200 (1.149)
8 0.025 (0.361) 0.050 (0.964)
9 -0.100 (0.185) -0.450 (0.908)

10 -0.125 (0.213) -0.825 (0.769)

Note:
Callaway-Sant’Anna group-time ATTs aggregated to event time.
Doubly-robust estimator with never-treated controls. Standard er-
rors in parentheses. * p<0.10, ** p<0.05, *** p<0.01.

Group heterogeneity. Group-specific ATTs reveal substantial heterogeneity across cohorts,
though none is individually significant. Tennessee (2002 cohort) shows a negative point
estimate (−0.42), while South Carolina (2006 cohort) shows a positive one (0.58). The WV
(2012) cohort has the largest negative estimate (−0.72), but standard errors are too large
to distinguish from zero. This pattern is consistent with idiosyncratic state-level variation
rather than a systematic policy effect.

8



Robustness. Table 5 reports robustness checks. Excluding covenant marriage states
(Louisiana, Arizona, Arkansas) has virtually no effect on the estimate (−0.036, SE = 0.178).
Restricting to late adopters (2006–2018) produces an identical point estimate. A placebo test
using TWFE with treatment dates shifted three years earlier yields an insignificant coefficient
of 0.130 (SE = 0.131, p = 0.33), providing no evidence of differential pre-trends.

Table 5: Robustness Checks: Effect on Divorce Rate

Specification ATT SE N
Baseline (CS) -0.035 (0.160) 1008
Excl. Covenant Marriage States -0.035 (0.178) 960
Late Adopters Only -0.035 (0.178) 1008
Placebo (3-Year Shift, TWFE) 0.130 (0.131) —

Note:
All specifications use Callaway-Sant’Anna with doubly-
robust method and never-treated controls except where
noted. Covenant marriage states: Louisiana, Arizona,
Arkansas. Late adopters excludes Florida (1998) and
Oklahoma (1999). Placebo shifts treatment timing 5
years earlier using only pre-treatment data. Standard
errors in parentheses.

Table 6 reports leave-one-out sensitivity. The overall ATT ranges from −0.28 (dropping
Utah) to +0.10 (dropping Tennessee) as each treated state is removed, confirming that no
single state drives the result.

Table 6: Leave-One-Out Sensitivity: Effect on Divorce Rate

Dropped State ATT SE
MD -0.107 (0.273)
SC -0.184 (0.170)
TN 0.098 (0.188)
TX -0.027 (0.186)
UT -0.275 (0.229)
WV 0.037 (0.104)

Note:
Each row drops one treated
state and re-estimates the
overall ATT using Callaway-
Sant’Anna. Standard errors in
parentheses.
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Rambachan-Roth sensitivity bounds (not tabulated) include zero even when allowing for
linear violations of parallel trends with slope up to M = 0.5, meaning that the null conclusion
is robust to substantial deviations from the identifying assumption.

Power considerations. With six treated-state clusters, the design is powered to detect
moderate effects but not small ones. The standard error of 0.16 implies a minimum detectable
effect at 80 percent power of approximately 0.16 × 2.8 ≈ 0.45 divorces per 1,000, or about 12
percent of the treated-state mean. The confidence interval rules out effects larger than 10
percent of the mean in either direction. While the paper cannot rule out very small effects
(e.g., a 2 percent reduction), effects that small would cost more in foregone license revenue
than they save in reduced divorce costs, making them policy-irrelevant even if real.

6. Discussion

The central finding of this paper is that premarital education incentive policies—modest
fee reductions for marriage license applicants who complete counseling courses—have no
detectable effect on divorce or marriage rates. The null is precisely estimated and robust
across specifications.

Why the null?. Three mechanisms could explain the zero effect. First, the financial
incentive is simply too small. A $30 reduction on a $90 marriage license represents a 33
percent discount on the license but a negligible fraction of total wedding costs. If premarital
education has positive returns but couples face inertia or information frictions, the subsidy
must be large enough to overcome these barriers. At $30, it is not.

Second, even if the subsidy induces some marginal couples to take counseling, the content
may be too brief to produce lasting behavioral change. Four to eight hours of group instruction
is substantially less intensive than the twelve-session programs studied in clinical trials by
Markman et al. (2010) and Stanley et al. (2010), which show modest effects on relationship
satisfaction in controlled settings. Policy-mandated courses may also vary in quality and lack
the clinical precision of research protocols.

Third, the couples most at risk of divorce may be least responsive to financial incentives
for premarital education. If highly committed couples take counseling regardless of the
subsidy, and if at-risk couples are deterred by time costs rather than fees, the policy operates
on an inframarginal population where the treatment effect is inherently small.

Policy implications. These results suggest that financial micro-incentives are not an
effective tool for reducing divorce. Policymakers seeking to strengthen marriages might
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consider more intensive interventions—such as subsidizing extended counseling programs or
integrating relationship skills into secondary education—rather than token fee reductions
attached to marriage licenses. The finding also contributes to a growing body of evidence
that nudges are less effective for high-stakes, identity-laden decisions than for routine choices
like retirement savings or organ donation (Sunstein, 2014).

Intent-to-treat interpretation. This analysis estimates an intent-to-treat (ITT) effect:
the impact of adopting the policy on state-level divorce rates, not the effect of completing
counseling on individual couples. A zero ITT could mask a positive treatment-on-the-treated
(TOT) effect diluted by low take-up. To gauge plausibility: if 30 percent of marrying couples
take up counseling (the Florida estimate from Stanley (2006)), and the marginal take-up
induced by the subsidy is perhaps 5–10 percent, then detecting a meaningful TOT effect
would require counseling to reduce divorce risk by at least 3.5–7 percentage points—larger
than any effect found in clinical trials of brief premarital education (Markman et al., 2010).
The ITT null is therefore consistent with either ineffective counseling or insufficient take-up,
but in either case, the policy as designed does not reduce divorce.

Limitations. The analysis cannot speak to effects on relationship quality that fall short
of legal divorce. Individual-level data linking course completion to marital outcomes would
allow separation of the take-up and treatment-effect margins. Additionally, state-level divorce
rates are a coarse outcome that may obscure effects on specific demographic subgroups.

7. Conclusion

A $30 discount cannot buy marital stability. Ten states tried to reduce divorce by nudging
couples into premarital counseling through marriage license fee reductions, and the experiment
failed: divorce rates did not budge. The finding is not one of insufficient data or imprecise
estimation—the confidence interval rules out effects larger than ten percent of the mean.
Rather, it reveals a fundamental mismatch between the scale of the incentive and the
magnitude of the forces that dissolve marriages.

The lesson is broader than family policy. When the stakes of a decision are large and the
intervention is small, behavioral nudges reach their natural limit. The economics of marriage,
like the economics of health, employment, and housing, is ultimately governed by structural
forces—income, education, social norms, legal frameworks—that a token fee reduction cannot
move.
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A. Standardized Effect Sizes

Table 7: Standardized Effect Sizes

Outcome β̂ SE SD(Y) SDE SE(SDE) Classification

Panel A: Pooled

Divorce rate -0.035 0.160 0.771 -0.046 0.207 Small negative
Marriage rate -0.369 0.765 1.647 -0.224 0.465 Large negative

Panel B: Heterogeneous (Early vs. Late Adopters)

Divorce rate (early adopters) 0.400 NA 1.345 0.297 NA Large positive
Divorce rate (late adopters) 0.066 0.480 0.717 0.091 0.669 Moderate positive

Notes: Country: United States. Research question: Do state policies that reduce marriage
license fees for couples completing premarital counseling lower divorce rates? Policy mechanism:
Ten states adopted policies offering $20–60 marriage license fee reductions or waiting period waivers
to couples completing 4–8 hours of premarital education courses, creating a financial incentive
to acquire relationship skills before marriage. Outcome definition: State-level divorce rate per
1,000 population from CDC National Vital Statistics System. Treatment: Binary indicator for
state adoption of a premarital education promotion policy. Data: CDC NVSS state divorce and
marriage rates, 1990–2022, state-year level, approximately 1,500 state-year observations (excluding
Georgia due to missing data). Method: Callaway-Sant’Anna (2021) doubly-robust estimator with
never-treated controls; wild cluster bootstrap for inference with 10 treated clusters. Sample: 50
US states plus DC, excluding Georgia (missing divorce data 2004–2016); 9 treated states with
staggered adoption 1998–2018, approximately 41 never-treated controls. SDE = β̂/SD(Y ) where
SD(Y ) is the pre-treatment standard deviation. Classification refers to magnitude, not statistical
significance: Large (|SDE| > 0.15), Moderate (0.05–0.15), Small (0.005–0.05), Null (< 0.005).
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