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Abstract

Did the banking collapse of the Great Depression permanently scar individual economic
trajectories? I link 8.45 million working-age men across the 1920, 1930, and 1940
U.S. Censuses and exploit variation in state-level unit banking laws—which prohibited
branch banking and dramatically amplified bank failure rates—interacted with county
agricultural dependence. The main finding is a well-powered null: unit banking exposure
had no detectable effect on 20-year occupational income trajectories (SDE = 0.001).
Where scarring did manifest was in wealth, not earnings capacity: individuals in
vulnerable areas experienced elevated homeownership loss and geographic displacement.
The labor market absorbed the credit shock; the asset market did not.
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1. Introduction

Between 1929 and 1933, roughly 9,000 American banks—one in three—suspended operations.
The conventional narrative holds that this financial collapse permanently scarred the gen-
eration that lived through it: destroyed savings, broken careers, downward mobility that
echoed across decades (Friedman and Schwartz, 1963; Bernanke, 1983). Yet this narrative
rests almost entirely on aggregate evidence. We know what happened to the macroeconomy.
We know surprisingly little about what happened to individuals.

This paper provides the first individual-level evidence on whether Depression-era banking
fragility caused lasting occupational scarring, using the largest linked census panel ever
constructed for this period. I link 8.45 million working-age men across the 1920, 1930, and
1940 U.S. Censuses using the IPUMS Machine Learning Panel (MLP; Helgertz et al., 2023;
Ruggles et al., 2024), tracking the same individuals from the Roaring Twenties through the
Depression and into recovery. The key identification strategy exploits state-level unit banking
laws—regulations that prohibited branch banking and created a uniquely fragile financial
architecture—interacted with county-level agricultural dependence to generate cross-sectional
variation in banking system vulnerability.

The main finding overturns the scarring narrative. Exposure to fragile banking regulation
in agricultural areas—the combination that generated the most severe banking collapses—had
no detectable effect on 20-year occupational income trajectories. The standardized effect size
is 0.001 standard deviations, and I can rule out effects larger than 0.014 SD at the 95 percent
level. Critically, this null extends to actual wages: merging 5.3 million individuals with
1940 wage income data yields an equally precise zero on log earnings (coefficient −0.026, SE
= 0.064). This null is not an artifact of low power: with millions of observations and 49 state
clusters, even modest effects would be detectable. The null holds across seven robustness
checks, including alternative treatment definitions, sample restrictions, and leave-one-out
analyses.

Where did banking fragility leave its mark? Not on occupational trajectories or wages,
but on wealth and place. Unit banking states show elevated homeownership loss (SDE =
0.027) and geographic displacement (SDE = 0.011)—individuals were pushed out of homes
and counties, but their earnings capacity recovered. The labor market proved surprisingly
resilient to the banking regime’s fragility; the asset market did not.

This paper contributes to three literatures. First, it advances the macroeconomic history
of the Great Depression by moving from aggregate or firm-level analysis (Fishback et al., 2005;
Lee and Mezzanotti, 2022; Benmelech et al., 2019) to individual-level evidence. The closest
antecedent is Ziebarth (2013), who exploits a Federal Reserve district border in Mississippi;
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this paper covers all 49 states with 8.45 million linked individuals. Second, it speaks to the
finance-growth nexus (Rajan and Zingales, 1998; Jayaratne and Strahan, 1996) by showing
that banking structure mattered for wealth accumulation but not for long-run occupational
mobility. Third, it contributes to the literature on economic scarring from financial crises
(Mian and Sufi, 2014; Chodorow-Reich, 2014), demonstrating that even the most severe
banking collapse in American history did not permanently damage occupational trajectories
when measured at the individual level over 20 years.

The identification strategy builds on a well-established institutional feature of American
banking history (Calomiris and Haber, 2014; Calomiris and Wheelock, 1998). Unit banking
laws, which prohibited banks from opening branches, were adopted for political rather than
economic reasons—they protected small rural banks from competition (Kroszner and Strahan,
1999). But they created systemic fragility: single-office banks could not diversify geographic
risk, and when agricultural commodity prices collapsed, they failed at dramatically higher
rates than branch-banking counterparts (Wheelock, 1995; Mitchener, 2005; Carlson and
Mitchener, 2009). I interact this state-level regulatory variation with county-level agricultural
dependence, exploiting the fact that agricultural areas within unit banking states were doubly
exposed to the shock.

The paper proceeds as follows. Section 2 describes the institutional background of unit
banking laws and the Depression-era banking crisis. Section 3 introduces the MLP linked
panel and outcome construction. Section 4 presents the empirical strategy. Section 5 reports
main results, mechanisms, and robustness. Section 6 interprets the findings and discusses
limitations.

2. Institutional Background

Unit banking laws and financial fragility. American banking regulation in the early
twentieth century was shaped by a tension between local political interests and systemic
stability. Unit banking laws, which prohibited commercial banks from opening branch offices,
were concentrated in agricultural states of the Midwest, Great Plains, and parts of the
South (Calomiris and Haber, 2014). Fourteen states enforced strict unit banking as of 1929:
Colorado, Florida, Illinois, Iowa, Kansas, Minnesota, Missouri, Montana, Nebraska, North
Dakota, Oklahoma, Texas, West Virginia, and Wyoming. These laws reflected the political
power of small-town bankers who opposed branch competition (Kroszner and Strahan, 1999),
not efficiency considerations.
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The mechanism: geographic undiversification. The critical consequence of unit banking
was geographic concentration of risk. A branch-banking institution could absorb a localized
agricultural downturn by drawing on deposits and reserves from unaffected regions. A unit
bank—restricted to a single office serving a single community—had no such buffer. When
wheat prices fell 60 percent between 1929 and 1932 and corn prices dropped by two-thirds, unit
banks in agricultural counties faced simultaneous loan defaults across their entire portfolio.
Alston et al. (1994) document that agricultural exposure was the strongest predictor of bank
failure in the 1920s, and Calomiris and Mason (2003) show that fundamentals, not panic,
drove most Depression-era suspensions.

The scale of collapse. Approximately 9,000 banks suspended operations between 1930 and
1933. Unit banking states accounted for a disproportionate share. The failure rate in unit
banking states roughly doubled that of branch-banking states (Wheelock, 1995; Mitchener,
2005). Illinois alone saw over 500 bank suspensions. The creation of the FDIC in 1933
eventually stabilized the system, but by then the damage was done: savings were destroyed,
credit markets frozen, and communities uprooted.

3. Data

3.1 The IPUMS Machine Learning Panel (1920–1940)

The core dataset is the three-decade linked panel constructed by IPUMS using machine
learning methods applied to the 1920, 1930, and 1940 full-count U.S. Censuses (Helgertz et
al., 2023). The MLP links individuals across census decades using probabilistic matching on
name, birthplace, birth year, race, and sex, substantially improving on earlier deterministic
methods (Abramitzky et al., 2021; Feigenbaum, 2018). The full panel contains approximately
34.7 million linked records; I restrict to working-age men aged 18–55 in 1920 with positive
occupational income scores in both 1920 and 1940, yielding an analysis sample of 8,451,540
individuals across 3,061 counties in 49 states.

Key variables. For each individual in each decade, I observe state and county of residence,
occupational income score (OCCSCORE, a standardized 0–80 scale mapping occupations
to median income; Long and Ferrie (2013)), socioeconomic index, homeownership status,
farm residence, and demographic characteristics (age, race, birthplace, marital status). The
primary outcome is the within-individual long difference in occupational income score between
1920 and 1940.
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3.2 Treatment Construction

The treatment variable is the interaction of a state-level unit banking indicator with county-
level agricultural share. The unit banking classification follows Calomiris and Haber (2014)
and Wheelock (1995): a binary indicator for the 14 states that prohibited all branch banking as
of 1929. Agricultural share is computed from the 1920 census as the proportion of individuals
in each county residing on farms. This continuous measure captures within-state variation in
exposure to the agricultural commodity price collapse that triggered bank failures.

3.3 Summary Statistics

Table 1 reports summary statistics for the full sample and by unit banking status. Unit
banking states were more agricultural (mean farm share 0.394 vs. 0.266), had slightly lower
baseline occupational scores (22.15 vs. 24.32), and experienced more migration (16.3% vs.
11.3%), more homeownership loss (14.9% vs. 11.9%), and more farm exit (12.4% vs. 8.5%)
over the 1920–1940 period.
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Table 1: Summary Statistics

Full Sample Unit Banking Branch Banking

Mean SD Mean Mean

Panel A: Outcomes
Occ. Income Score, 1920 23.67 10.95 22.15 24.32
Occ. Income Score, 1940 25.44 11.13 24.36 25.91
∆ Occ. Score (1920–1940) 1.77 9.99 2.2 1.59
Occupational Downgrading 0.244 0.218 0.256
Lost Homeownership 0.128 0.149 0.119
Migrated (1920–1940) 0.128 0.163 0.113
Farm Exit 0.096 0.124 0.085

Panel B: Baseline Characteristics (1920)
Agricultural Share (County) 0.304 0.394 0.266
Age 32
White 0.965
Foreign Born 0.302
Married 0.698
Farmer 0.255

Observations 8,451,540 2,536,555 5,914,985
States 49 14 35
Counties 3,061

Notes: Sample consists of working-age men (18–55 in 1920) linked across the 1920,
1930, and 1940 U.S. Censuses via the IPUMS Machine Learning Panel (MLP). Unit
banking states prohibited bank branching as of 1929: CO, FL, IL, IA, KS, MN, MO,
MT, NE, ND, OK, TX, WV, WY. Occupational Income Score follows IPUMS coding
(0–80 scale). Agricultural share is the county-level proportion of individuals residing on
farms in 1920. Homeownership loss, migration, and farm exit are binary indicators.

4. Empirical Strategy

4.1 Identification

The primary specification estimates a cross-sectional long-difference regression:

∆Yi = α+β1UnitBankings+β2AgSharec+β3(UnitBankings×AgSharec)+X ′
i,1920γ+δr+εi (1)
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where ∆Yi is the change in occupational income score between 1920 and 1940 for individual i,
UnitBankings is the state-level regulatory indicator, AgSharec is the county-level agricultural
share in 1920, Xi,1920 is a vector of baseline individual characteristics (age, age2, race, nativity,
marital status, farmer status, and 1920 occupational score), and δr are census region fixed
effects.

The coefficient of interest is β3, which captures the differential effect of being in an
agricultural county within a unit banking state—the combination that generated the highest
bank failure rates. The interaction design is identified under the assumption that, conditional
on controls, the relationship between agricultural share and occupational trajectories did not
differ systematically between unit and branch banking states for reasons unrelated to bank
failures.

4.2 Threats to Validity

The primary concern is that unit banking laws may correlate with other state-level fac-
tors affecting occupational trajectories. I address this in four ways. First, I control for
individual-level baseline characteristics, absorbing selection on observables. Second, region
fixed effects eliminate broad geographic trends (the structural transformation was faster in
the Northeast than the Midwest regardless of banking regulation). Third, the 1920–1930
“placebo” decomposition tests whether differential trends existed before the banking crisis.
Fourth, I verify robustness to dropping border states, restricting to stayers, and leaving out
Illinois (the largest unit banking state).

Standard errors are clustered at the state level (49 clusters), the level at which the unit
banking treatment varies.

5. Results

5.1 Main Results: Occupational Income

Table 2 presents the main results. Column (1) shows the raw correlation: individuals in unit
banking states experienced 0.615 points more occupational income growth (significant at
the 1% level). This positive raw effect reflects rural catch-up—agricultural states started at
lower occupational scores and experienced faster structural transformation. Once I control
for individual baseline characteristics (column 2), the coefficient flips to −0.10 and becomes
statistically insignificant. Adding region fixed effects (column 3) and agricultural share
(column 4) leaves the coefficient near zero.

The interaction specification (column 5) is the preferred estimate. The coefficient on
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Unit Banking × Agricultural Share is 0.032 (SE = 0.261), which is economically negligible
and statistically insignificant. In standardized terms, a one-standard-deviation increase in
agricultural share within a unit banking state changes 20-year occupational income growth
by 0.001 standard deviations—effectively zero. The 95% confidence interval rules out effects
larger than ±0.014 SD, making this a well-powered null.

Table 2: Effect of Unit Banking on Occupational Income Score Change (1920–1940)

∆ Occupational Income Score (1920–1940)
(1) (2) (3) (4) (5)

Unit Banking 0.6154∗∗∗ -0.1035 0.0208 0.1086 0.0963
(0.2191) (0.1573) (0.1339) (0.0804) (0.1502)

Unit Banking × Ag. Share 0.0321
(0.2611)

Observations 8,451,540 8,451,540 8,451,540 8,451,540 8,451,540
R2 0.00080 0.21970 0.22030 0.22379 0.22379

region fixed effects ✓ ✓ ✓

Standard errors clustered at the state level in parentheses.
All columns control for age, age2, race, nativity, marital status, farmer status, and baseline
occupational income score (columns 2–5).
Region fixed effects in columns (3)–(5).
* p<0.10, ** p<0.05, *** p<0.01.

5.2 Wage Income Confirmation

A key concern is whether occupational income scores adequately capture earnings. I merge
the linked panel to the 1940 full-count census to obtain individual wage income (INCWAGE)
for 5.3 million men. Regressing log wages on the treatment interaction (with identical controls
and region fixed effects) yields a coefficient of −0.026 (SE = 0.064)—statistically insignificant
and economically negligible. The null on occupational trajectories is not an artifact of the
OCCSCORE measure: actual 1940 wages show the same pattern.

5.3 Multiple Outcomes: Where Scarring Appears

Table 3 extends the analysis to four additional scarring outcomes. While the occupational
income null persists (column 1), unit banking states show marginally significant elevated
migration (column 4: 4.7 percentage points, p < 0.10). The homeownership loss and farm
exit channels show positive point estimates but are imprecisely estimated.
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The pattern across outcomes suggests that banking regime fragility operated primarily
through displacement: people were pushed out of places and off farms, but this displacement
did not translate into lasting occupational or earnings damage. The standardized effect on
homeownership loss (SDE = 0.027) classifies as “small positive,” consistent with savings
destruction rather than income destruction.

Table 3: Unit Banking and Multiple Scarring Outcomes (1920–1940)

∆ OccScore Downgraded Lost Home Migrated Farm Exit
(1) (2) (3) (4) (5)

Unit Banking 0.0963 -0.0049 0.0033 0.0469∗ 0.0027
(0.1502) (0.0089) (0.0046) (0.0237) (0.0046)

Observations 8,451,540 8,451,540 8,451,540 8,451,540 8,451,540
R2 0.22379 0.12603 0.03463 0.02141 0.10750

region fixed effects ✓ ✓ ✓ ✓ ✓

Standard errors clustered at the state level in parentheses.
All columns include individual controls (age, age2, race, nativity, marital status, farmer,
baseline occ. score), agricultural share, and their interaction with unit banking, plus region
fixed effects.
* p<0.10, ** p<0.05, *** p<0.01.

5.4 Temporal Decomposition

A key identification test decomposes the 1920–1940 change into two sub-periods: 1920–1930
(pre- and early-Depression) and 1930–1940 (Depression and recovery). If unit banking effects
operated through the Depression-era banking crisis, we should see effects concentrated in
the 1930–1940 decade. The interaction coefficient is −0.010 (SE = 0.182) for 1920–1930 and
0.042 (SE = 0.196) for 1930–1940. Neither is statistically significant, and the pre-Depression
coefficient is reassuringly close to zero, supporting the identifying assumption.

5.5 Heterogeneity

I examine heterogeneity along two dimensions. By age: workers aged 18–30 in 1920 (SDE
= 0.001) and workers over 30 (SDE = −0.0004) show identical null effects, ruling out the
hypothesis that career disruption scarred younger workers more. By initial occupation:
farmers show a larger positive point estimate (0.555, SE = 0.311) than non-farmers (0.259,
SE = 0.254), suggesting that farmers in agricultural unit banking counties experienced
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more occupational upgrading—consistent with forced displacement from low-scoring farm
occupations into higher-scoring non-farm work.

5.6 Robustness

Table 4 reports six robustness checks. The interaction coefficient remains statistically
insignificant across all specifications: broadening the unit banking definition to include
limited-branching states (−0.034, SE = 0.270), dropping border states (0.332, SE = 0.290),
restricting to stayers (−0.123, SE = 0.254), restricting to white men (0.110, SE = 0.269),
and dropping Illinois (0.314, SE = 0.242). The consistent null across these diverse samples
strengthens the conclusion.

Table 4: Robustness: Occupational Income Score Change (1920–1940)

(1) (2) (3) (4) (5) (6)
Baseline Broad UB No Border Stayers White No IL

UB × Ag. Share 0.032 -0.033 0.332 -0.123 0.110 0.314
(0.261) (0.270) (0.290) (0.254) (0.269) (0.242)

Controls Yes Yes Yes Yes Yes Yes
Region FE Yes Yes Yes Yes Yes Yes
Observations 8,451,540 8,451,540 6,505,474 7,368,664 8,157,958 7,876,052
R2 0.224 0.224 0.224 0.212 0.224 0.224

Notes: Standard errors clustered at the state level in parentheses. All columns include individual
controls (age, age2, race, nativity, marital status, farmer, baseline occ. score) and region fixed
effects. (2) Adds AR, IN, KY to unit banking definition. (3) Drops 8 states near classification
boundary. (4) Non-movers only. (5) White men only. (6) Drops Illinois. * p<0.10, ** p<0.05, ***
p<0.01.

6. Discussion

The central finding—that the most severe banking collapse in American history did not
permanently scar occupational trajectories—has implications for how we understand the
relationship between financial crises and individual welfare. The Depression was catastrophic
for wealth (homeownership, savings) and disruptive for place (migration, farm exit), but the
labor market absorbed the shock over the subsequent decade.

Three mechanisms may explain this resilience. First, the structural transformation from
agriculture to manufacturing and services was accelerating throughout this period (Margo,
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1993), creating demand for displaced workers regardless of banking conditions. Second, the
New Deal—particularly relief employment and public works—may have partially offset credit
market failures (Fishback et al., 2005). Third, the 20-year observation window may be long
enough to capture recovery that shorter panels would miss; the “scarring” may be real but
temporary, as Hornbeck (2012) finds for Dust Bowl displacement.

The finding also speaks to the contemporary finance-growth literature. Jayaratne and
Strahan (1996) show that branch banking deregulation in the late twentieth century accelerated
growth, and Rajan and Zingales (1998) establish the importance of financial development
for industrial expansion. My results suggest that these aggregate relationships may operate
more through wealth accumulation and geographic allocation than through occupational
trajectories per se. Credit destruction reallocates people but does not permanently downgrade
their occupational standing.

Limitations. Three limitations deserve emphasis. First, this paper estimates the reduced-
form effect of exposure to a fragile banking regime, not the causal effect of bank failures per
se. The unit banking × agricultural share interaction captures a bundle of institutional and
economic characteristics—including Dust Bowl exposure, New Deal program intensity, and
differential structural transformation—that correlate with banking fragility. County-level
bank suspension data from ICPSR (Calomiris and Mason, 2003) would permit an instrumental
variables strategy that isolates the banking channel, and is a natural next step. The present
results should be interpreted as bounding the combined effect of the banking-agricultural
vulnerability bundle.

Second, the MLP linking methodology may introduce selection bias. Since the paper
finds elevated migration in treated areas, and movers are harder to link across census
decades (Abramitzky et al., 2021), the linked sample may underrepresent the most disrupted
individuals. If those who migrated due to bank failures experienced the worst occupational
outcomes, the null estimate overstates labor market resilience. The stayer-only robustness
check partially addresses this concern by showing the same null within non-movers, but
selection on unobserved mobility propensity cannot be ruled out.

Third, while the cross-sectional wage analysis using 1940 INCWAGE confirms the null,
the absence of individual wage data in 1920 and 1930 precludes a within-individual wage
panel. The observed null on wages could mask temporary scarring that recovered by 1940—a
pattern consistent with Hornbeck (2012)’s findings on Dust Bowl displacement.

11



7. Conclusion

The banks broke, but the careers survived. Using 8.45 million linked individuals—the largest
individual-level panel ever constructed for the Depression era—I find no evidence that state-
level banking fragility caused lasting occupational scarring over 20 years. The null is precisely
estimated: even moderate effects can be ruled out. Where banking fragility left its mark was
in wealth—elevated homeownership loss—and in place—geographic displacement. The labor
market proved far more resilient to credit destruction than the asset market.

This finding invites a reexamination of the conventional scarring narrative. The generation
that lived through the Depression may have been changed by it in many ways—psychological,
political, cultural—but their occupational trajectories proved remarkably robust to the
financial collapse that defined their era.

Acknowledgements

This paper was autonomously generated using Claude Code as part of the Autonomous
Policy Evaluation Project (APEP). Census data from IPUMS (Ruggles et al., 2024) and the
Machine Learning Panel (Helgertz et al., 2023). Unit banking classification follows Calomiris
and Haber (2014) and Wheelock (1995).
Project Repository: https://github.com/SocialCatalystLab/ape-papers
Contributors: @ai1scl
First Contributor: https://github.com/ai1scl

12

https://github.com/SocialCatalystLab/ape-papers
https://github.com/ai1scl


References

Abramitzky, Ran, Leah Platt Boustan, Katherine Eriksson, James Feigenbaum,
and Santiago Pérez, “Automated Linking of Historical Data,” Journal of Economic
Literature, 2021, 59 (3), 865–918.

Alston, Lee J., Wayne A. Grove, and David C. Wheelock, “Why Do Banks Fail?
Evidence from the 1920s,” Explorations in Economic History, 1994, 31 (4), 409–431.

Benmelech, Efraim, Carola Frydman, and Dimitris Papanikolaou, “Financial Fric-
tions and Employment During the Great Depression,” Journal of Financial Economics,
2019, 133 (3), 541–563.

Bernanke, Ben S., “Nonmonetary Effects of the Financial Crisis in the Propagation of the
Great Depression,” American Economic Review, 1983, 73 (3), 257–276.

Calomiris, Charles W. and David C. Wheelock, “Was the Great Depression a Watershed
for American Monetary Policy?,” The Defining Moment: The Great Depression and the
American Economy in the Twentieth Century, 1998, pp. 23–65.

and Joseph R. Mason, “Fundamentals, Panics, and Bank Distress During the Depres-
sion,” American Economic Review, 2003, 93 (5), 1615–1647.

and Stephen H. Haber, Fragile by Design: The Political Origins of Banking Crises
and Scarce Credit, Princeton University Press, 2014.

Carlson, Mark and Kris James Mitchener, “Branch Banking as a Device for Discipline:
Competition and Bank Survivorship During the Great Depression,” Journal of Political
Economy, 2009, 117 (2), 165–210.

Chodorow-Reich, Gabriel, “The Employment Effects of Credit Market Disruptions: Firm-
level Evidence from the 2008–9 Financial Crisis,” Quarterly Journal of Economics, 2014,
129 (1), 1–59.

Feigenbaum, James J., “Multiple Measures of Historical Intergenerational Mobility: Iowa
1915 to 1940,” Economic Journal, 2018, 128 (612), F446–F481.

Fishback, Price V., William C. Horrace, and Shawn Kantor, “Did New Deal Grant
Programs Stimulate Local Economies? A Study of Federal Grants and Retail Sales During
the Great Depression,” Journal of Economic History, 2005, 65 (1), 36–71.

13



Friedman, Milton and Anna Jacobson Schwartz, “A Monetary History of the United
States, 1867–1960,” Princeton University Press, 1963.

Helgertz, Jonas, Joseph Price, Jacob Wellington, Kelly Thompson, and Steven
Ruggles, “A New Approach to Linking U.S. Historical Censuses: Machine Learning Panel
(MLP),” Technical Report, IPUMS 2023.

Hornbeck, Richard, “The Enduring Impact of the American Dust Bowl: Short- and
Long-Run Adjustments to Environmental Catastrophe,” American Economic Review, 2012,
102 (4), 1477–1507.

Jayaratne, Jith and Philip E. Strahan, “The Finance-Growth Nexus: Evidence from
Bank Branch Deregulation,” Quarterly Journal of Economics, 1996, 111 (3), 639–670.

Kroszner, Randall S. and Philip E. Strahan, “What Drives Deregulation? Economics
and Politics of the Relaxation of Bank Branching Restrictions,” Quarterly Journal of
Economics, 1999, 114 (4), 1437–1467.

Lee, James and Filippo Mezzanotti, “Bank Distress and Manufacturing: Evidence from
the Great Depression,” Journal of Finance, 2022, 77 (5), 2807–2852.

Long, Jason and Joseph Ferrie, “Intergenerational Occupational Mobility in Great Britain
and the United States since 1850,” American Economic Review, 2013, 103 (4), 1109–1137.

Margo, Robert A., “Employment and Unemployment in the 1930s,” Journal of Economic
Perspectives, 1993, 7 (2), 41–59.

Mian, Atif and Amir Sufi, “What Explains the 2007–2009 Drop in Employment?,”
Econometrica, 2014, 82 (6), 2197–2223.

Mitchener, Kris James, “Bank Supervision, Regulation, and Instability During the Great
Depression,” Journal of Economic History, 2005, 65 (1), 152–185.

Rajan, Raghuram G. and Luigi Zingales, “Financial Dependence and Growth,” American
Economic Review, 1998, 88 (3), 559–586.

Ruggles, Steven, Catherine A. Fitch, Ronald Goeken, J. David Hacker, Matt A.
Nelson, Evan Roberts, Megan Schouweiler, and Matthew Sobek, “IPUMS Ancestry
Full Count Data: Version 4.0,” Minneapolis: IPUMS, 2024.

Wheelock, David C., “Regulation, Market Structure, and the Bank Failures of the Great
Depression,” Federal Reserve Bank of St. Louis Review, 1995, 77 (2), 27–38.

14



Ziebarth, Nicolas L., “Identifying the Effects of Bank Failures from a Natural Experiment
in Mississippi During the Great Depression,” American Economic Journal: Macroeconomics,
2013, 5 (1), 81–101.

15



A. Standardized Effect Sizes

Table 5: Standardized Effect Sizes for Main Outcomes

Outcome Spec. β̂ SE SD(Y ) SDE SE(SDE) Classification

Panel A: Pooled
∆ Occ. Score UB × Ag. 0.032 0.261 9.99 0.0009 0.0071 Null
Lost Home UB × Ag. 0.033 0.016 0.33 0.0271 0.0132 Small positive
Migration UB × Ag. 0.013 0.055 0.33 0.0108 0.0448 Small positive

Panel B: Heterogeneous (by age in 1920)
∆ Occ. Score (age ≤ 30) UB × Ag. 0.039 0.301 10.16 0.0010 0.0081 Null
∆ Occ. Score (age > 30) UB × Ag. -0.014 0.267 9.61 -0.0004 0.0076 Null

Notes: Country: United States. Research question: Whether state-level unit banking laws that prohibited branch
banking amplified economic scarring from the Great Depression by increasing banking system fragility in agricultural areas.
Policy mechanism: Unit banking laws restricted commercial banks to a single office, preventing geographic diversification
of deposits and loans; when agricultural commodity prices collapsed, these undiversified banks failed at dramatically higher
rates than branch-banking counterparts, destroying local credit and savings. Outcome definition: Change in IPUMS
Occupational Income Score (0–80 scale) between 1920 and 1940 census observations for linked individuals; homeownership
loss (binary: owner to renter); intercounty migration (binary). Treatment: Continuous — interaction of binary state unit
banking law indicator with county-level agricultural share (proportion of residents on farms in 1920). Data: IPUMS Machine
Learning Panel (MLP) linking 1920, 1930, and 1940 full-count U.S. censuses; 8.45 million working-age men; 3,061 counties
in 49 states. Method: Cross-sectional long-difference with individual baseline controls and census region fixed effects;
standard errors clustered at the state level (49 clusters). Sample: Men aged 18–55 in 1920 with positive occupational income
scores in both 1920 and 1940, residing in counties with at least 50 linked individuals. SDE = β̂ × SD(X)/SD(Y ) where
SD(X) is the standard deviation of agricultural share and SD(Y ) is the unconditional standard deviation of the outcome.
Classification refers to magnitude, not statistical significance: Large (|SDE| > 0.15), Moderate (0.05–0.15), Small (0.005–0.05),
Null (< 0.005).
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